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Level-2 Thematic Classification (Artificial Intelligence)

Al-benchmarking class type

1. Machine Learning

1.1. Classification

1.2. Regression

1.3. Clustering

1.4. Recommendation systems
1.5. Matching

1.6. Sequential data models

1.7. Anomaly detection

2. Optimization

2.1. Automated planning & scheduling

2.2. Evolutionary algorithms

3. Knowledge representation and reasoning

3.1. Default reasoning

3.2. Common-sense knowledge

3.3. Ontological engineering
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4. Artificial Intelligence
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4.2. Autonomous systems

4.3. Distributed systems

5. Perception
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5.2. Natural Language Processing (text/voice)
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