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—Focus Group on Machine Learning for Future Networks including 5G—
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Learning for 5G and beyond”
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S1:Research Advances in ML for Wireless Network

S2 ML Solutions for Industry Applications

S3: Standardization of ML-aware Wireless Network
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Machine Learning

+ Machine Learning (ML) allows the computer to use set of observalions lo

perform certain lasks. -
+ Components in ML: = Types of ML:
= Learning objective. = Unsupervised Learning.
« Dala. (e.g., clustering)
+ Model and learning. + Supervised Learning
(classification and regression)

+ Reinforcement learning,
(learning policy with trail and

error)
— and the scenario © Others (online learning, semi
Q identifies the type of ML 5”99“99‘1 )
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- T—4ERENEI X vhT—% (Data Driven Network)
- PELEE (MEC/Fog Computing)
- SHMADOIE (Meta-XX. Safety-net)
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